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TIMING OF THE INTERIM ANALYSI

 Based on information fraction (IF), determined by equivalent sample size (EQSS)

_ o _ interim EqSS _
interim information P _ interim EqSS

~ final information  final EqSS ~  final EqSS
e

IF
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Depends only on the standardised treatment differences s; and s,
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S1 and s, obtained from standard power calculations used in trial design

n

e Typical Phase Ill trial sample sizes: n = 150 — 400 per arm
150
* Commonly used power levels: 80% and 90%

« a =0.025 200

250
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Power = 80%
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S1 and s, obtained from standard power calculations used in trial design

n Power = 80% Power = 90%
e Typical Phase Ill trial sample sizes: n = 150 — 400 per arm
150 0.323 0.374
* Commonly used power levels: 80% and 90%
e a = 0.025 200 0.280 0.324
250 0.250 0.290
- s; and s, normally small and in the range 0.2 — 0.35
300 0.229 0.265
350 0.212 0.245
400 0.198 0.229
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S1 and s, obtained from standard power calculations used in trial design

Example
* Typical Phase Il trial sample sizes: n = 150 — 400 per arm Suppose s; = 0.15 and s, = 0.3.
* Commonly used power levels: 80% and 90% Then for p;, = 0.8,
* a = 0.025

|ﬁ12 — ,012| < 0.0045,

- 54 and s, normally small and in the range 0.2 — 0.35 or for any py,
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POOLED CORRELATION DOES NOT MATERIALLY DIFFER FROM THE WITHIN-ARM CORRELATION.
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TRIAL DESIGN

Two-arm trial (Control vs. Treatment)
3 follow-up visits per subject
Planned final sample size: 300 per arm

Interim sample sizes per arm
n € {20,30,40,60,80,100,125,150}

DATA GENERATION (MULTIVARIATE NORMAL)

Mean structure:
uc = (0,0,0) ur = (0.33,0.67,1)

Correlation structure: AR(1), p = 0.8

Missingness: =50% per measurement

- Assess information fraction at each interim sample size using our framework
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CORRELATION VS. SAMPLE SIZE

- Estimated using a MMRM 0
- Obtain two estimates: ' F 'F ¥ ' """" ' """" ' """" ' """" '
0.5 -4 ¢
;o
* Unblinded < . H - Theony
§ 0.0 :
8 : @ Blinded
: ® Unblinded
-0.5
L ]
. o . 20 30 40 60 20 100 125 150
- Blinded = unblinded (theory confirmed) Sample size (per arm)

- Strong small-sample variability
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- Blinded correlation-based estimate
- Unblinded correlation-based estimate

- Theoretical benchmark
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- Unblinded correlation-based estimate . \
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- Unblinded correlation-based estimate
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)
*
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0.0
- Information fraction stable across approaches * Sample size (per arm)
- Slightly higher variability at later stages due to more heterogeneous missing data patterns
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